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(a) Circumplex model example
PCA (Explained Variance: 0.269)
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PCA (Explained Variance: 0.250)
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(b) SINCERE-nGPT
PCA (Explained Variance: 0.998)
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(d) CircularCSE-nGPT
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B R {RER (Linear Representation Hypothesis)
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Text v a d
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"Excuse me.’ 2.5 2.5 2.5
'That’s out of control.” 2.5 3.5 3.5
'Did you get the mail? So you saw my letter?’ 2.5 2.0 1.5
'Did you get the letter?’ 3.5 3.0 2.0
EmoBank

‘Remember what she said in my last letter?” 3 3 3.2
‘If I wasn't working here.” 2.8 3.1 2.8
‘Goodwill helps people get off of public 3.44 3 3.22
assistance.’

‘Sherry learned through our Future Works 3.55 327 346

class thatshe could rise out of the mire of
the welfare system and support her family.’

Deep Learning-based Categorical and Dimensional Emotion
Recognition for Written and Spoken Text, (Atmaja et al., 2019)
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Emotion labels

® optimism @ joy ® courage ® anger ® fear ® despair indifference ® caring

© love ® amusement @ surprise ® envy @ pain ® disappointment boredom @ trust

@ admiration ® desire @® greed ® doubt @ disgust ® sadness calmness ® faith

© pride ® excitement @ frustration ® embarrassment @ disapproval grief @ relief @ neutral
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